H5EES W W 2% 5 R 2 A Al Vol.5 No.5
2019 4£ 10 H Chinese Journal of Network and Information Security October 2019

SR EINE RN A E X

3, AF, HHhle, Tiah
(MG ZRIE TR (g T ENBRE SHEAR B, WA Bl 264209)

1 FE. WESMEARESRESZ M, SR 2% R AR R 2 R I A AT TSR S R N A . X
HRAT WK P A8 By Bt 0 s HEAT T VRN HT, L THRATIK P 28 5 W 4l PR . ekt b, A d g ihst
P2 T R AR FE I VPAG M0, 3R T RIS R 5. A TR BFOBT AL R S =, T
TREE OIS0 BRI e B R I T 10 o AEBUSEARAT RO s gt i, 1 7 v B8 A A0t e ) K om0 5
SIBEE R

EHEIR: RV AR RO, A ER

PESES: TP393

ERFRIRAS: A

doi: 10.11959/j.issn.2096—109x.2019050

Frequent path discovery algorithm for financial network
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Abstract: With the proliferation of various illegal financial activities, more and more attention is paid to the research of
finding criminal cues in financial network by scholars. The characteristics of the transaction data generated by bank ac-
counts are analyzed in detail, and a general model of bank account transaction network is established. On this basis, a
two-direction active edge searching method is proposed to solve the problem of evaluating the relationship strength

between financial entities. And then, a breadth-first frequent path discovery algorithm with depth controlled is presented,
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with which the way how the financial flows is restored. Experiment results on the real bank data show that the above

two methods are effective in solving the problem of peer prediction and financial tracking respectively.

Key words: two-direction active edge, frequent path, peer prediction, financial tracking
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